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Regression analyses. The results of the regression 
analyses may have been made slightly less precise 
by the fact that respondents’ ideology and expertise 
were correlated (Spearman’s ρ = 0.32, p < .001). Those 
respondents with higher expertise also tended to have 
more liberal ideology. For mathematical reasons, this 
correlation will have adjusted the size of the observed 
relationships between the variables (Cohen et al. 2003, 
420–425). However, the correlation is low enough that 
it should not have affected the results dramatically 
(Cohen et al. 2003).

Tables ES1–ES4 summarize the results of the 
survey. Explanation of the meanings of regression 
coefficients and the odds ratios are given.

Explanation of regression coefficients and odds ratios. 
The strength of the relationships between the in-
dependent and dependent variables is expressed 
by standardized regression coefficients (or “beta 
weights,” β) for linear regression. For example, a 
coefficient of β = 0.5 for an independent variable 
signifies that for every standard deviation of increase 
in that variable, the dependent variable increases 
by 0.5 standard deviations, assuming all other 
independent variables are held constant. By normal-
izing to standard deviation units, the strength of the 

relationship between different independent variables 
(which have different units of measurement) and the 
dependent variable can be meaningfully compared.

The closest equivalent statistic for logistic 
regression is the odds ratio (OR). In the present study, 
odds ratios have been used to interpret the strength of 
the relationship between respondents’ views that cli-
mate change is mostly human caused (yes/no) and the 
independent variables. For any particular subgroup 
of the sample, the odds of an average member of the 
subset viewing climate change as mostly human 
caused can be calculated. The odds ratio represents 
the number that these odds should be multiplied by 
for every one-unit change in an independent variable, 
if all other independent variables are held constant.

For example, the odds ratio for political ideology 
in the model that includes all variables (rightmost 
column of Table ES3) is 1.79. This means that the 
odds of someone who identified himself as “some-
what conservative,” viewing climate change as mostly 
human caused, are equal to the odds of a “very con-
servative” person having the same views, multiplied 
by 1.79. Moving one point further up the scale, to 
someone who identified as “moderate,” would mean 
multiplying the odds by 1.79 twice; this means the 
odds of a “moderate” person viewing global warming 
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as mostly human caused are 1.79 × 1.79 = 3.20 times 
the odds of a very conservative person having the 
same view.

An odds ratio of 1 is equivalent to a beta coefficient 
of zero in linear regression, representing no change in 
the outcome, no matter the value of the independent 
variable. An odds ratio of 0.5 would mean that, for every 
unit of increase in the independent variable, the odds 
of the person viewing climate change as mostly human 
caused would be halved (multiplied by 0.5); an odds 
ratio of 2 would mean that, for every unit increase in 
the independent variable, the odds would be doubled.

Note that because an odds ratio is a multiplier for 
the odds of the outcome, rather than being added to or 
subtracted from the outcome like a linear regression 
coefficient, the absolute magnitude of change when 
the odds are multiplied by 1.22 is actually less than 
when they are multiplied by 0.73. This is why an OR 
of 1.22 actually represents a weaker relationship than 
an OR of 0.73, as described in the section below.

Interpretation of regression coefficients and odds ratios 
(copied from main text, with coefficients inserted into 
text). In terms of strength of the relationship between 

Table ES1. Linear regressions of global warming belief certainty on demographic variables and 
independent variables in sequence, then all variables together. Numbers in the first six rows of the table 
are standardized regression coefficients. Numbers in the lower three rows are specified by labels in the 
left-hand column. Asterisk (*) means p < 0.001.

Model 1 Model 2 Model 3 Model 4 Model 5 Model 6

Independent variables Demographics Expertise
Liberal/ 

conservative
Perceived 
consensus

Perceived 
AMS conflict

Full 
model

Age 0.04 0.01

Gender 0.02 -0.02

Expertise score 0.33* 0.11*

Liberal/conservative  
(higher values = more liberal)

0.42* 0.20*

Perceived consensus 0.55* 0.41*

Perceived AMS conflict -0.34* -0.10*

F 1.52 218.25* 392.70* 718.42* 241.67* 161.11*

Adjusted R2 0.001 0.11 0.18 0.30 0.12 0.37

n 1808 1820 1795 1684 1829 1622

Table ES2. Logistic regressions of global warming causal attribution on demographic variables and 
independent variables in sequence, and then all variables together. Numbers in the first six rows of the 
table are odds ratios. Numbers in the bottom three rows are specified by labels in the left-hand column. 
Asterisk (*) means p < 0.001.

Model 1 Model 2 Model 3 Model 4 Model 5 Model 6

Independent variables Demographics Expertise
Liberal/ 

conservative
Perceived 
consensus

Perceived 
AMS conflict

Full 
model

Age 1.04 0.99

Gender 1.70* 1.09

Expertise score 1.55* 1.22*

Liberal/conservative  
(higher values = more liberal)

2.47* 1.79*

Perceived consensus 5.77* 3.60*

Perceived AMS conflict 0.54* 0.73*

Omnibus chi squared 12.49* 144.04* 266.09* 378.62* 225.88* 529.11*

2 log likelihood 2,174.05 2,048.88 1,893.76 1,627.07 1,974.03 1,408.15

n 1,615 1,619 1,598 1,508 1,621 1,462
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the independent and dependent variables, perceived 
consensus was the strongest predictor of all three 
types of global warming views—certainty (β = 0.41, p 
< 0.001), causation (OR = 3.60, p < 0.001), and harm/
benefit (β = 0.27, p < 0.001). Political ideology was the 
second strongest predictor of view certainty (β = 0.20, 
p < 0.001) and causation (OR = 1.79, p < 0.001) and 
was equivalent to perceived consensus as a predictor 
of harm/benefit (β = 0.26, p < 0.001).

Expertise and perceived conflict were both less strong 
predictors of global warming views. Expertise was the sec-
ond weakest predictor of global warming certainty (β = 

0.11, p < 0.001) and the weakest predictor of causation (OR 
= 1.22, p < 0.001) and harm/benefit (β = 0.08, p < 0.01).

Perceived conflict was the weakest predictor of 
global warming view certainty (β = –0.10, p < 0.001) 
and the second weakest predictor of causation (OR = 
0.73, p < 0.001) and harm/benefit (β = -0.13, p < 0.001).
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Table ES4. Linear regressions of global warming harm beliefs on demographic variables and independent 
variables in sequence, and then all variables together. Numbers in the first six rows of the table are 
standardized regression coefficients. Numbers in the bottom three rows are specified by labels in the left-
hand column. a p < 0.01. b p < 0.05. c p < 0.001. d p = 0.053.

Model 1 Model 2 Model 3 Model 4 Model 5 Model 6

Independent variables Demographics Expertise
Liberal/ 

conservative
Perceived 
consensus

Perceived 
AMS conflict

Full 
model

Age 0.07a 0.05b

Gender 0.13c 0.05d

Expertise score 0.25c 0.08a

Liberal/conservative  
(higher values = more liberal)

0.42c 0.26c

Perceived consensus 0.43c 0.27c

Perceived AMS conflict -0.32c -0.13c

F 13.57c 99.20c 307.23c 320.03c 169.59c 91.08c

Adjusted R2 0.02 0.06 0.18 0.19 0.10 0.29

n 1,457 1,457 1,439 1,384 1,458 1,341

Table ES3. Logistic regressions of global warming causal attribution on demographic variables and 
independent variables in sequence, and then all variables together. Numbers in the first six rows of the table 
are odds ratios. Numbers in the lower three rows are specified by labels in the left-hand column. Asterisk (*) 
means p < 0.001.

Model 1 Model 2 Model 3 Model 4 Model 5 Model 6

Independent variables Demographics Expertise
Liberal/ 

conservative
Perceived 
consensus

Perceived 
AMS conflict

Full 
model

Age 1.04 0.99

Gender 1.70* 1.09

Expertise score 1.55* 1.22*

Liberal/conservative  
(higher values = more liberal)

2.47* 1.79*

Perceived consensus 5.77* 3.60*

Perceived AMS conflict 0.54* 0.73*

Omnibus chi squared 12.49* 144.04* 266.09* 378.62* 225.88* 529.11*

2 log likelihood 2174.05 2048.88 1893.76 1627.07 1974.03 1408.15

n 1615 1619 1598 1508 1621 1462

ES125JULY 2014AMERICAN METEOROLOGICAL SOCIETY |


